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‘csse’ Session overview

= Hurdles in adopting new technology

Options for overcoming obstacles

Adapting existing technology to deliver new features

» US Card Portfolio case study

Outsourcing to leverage Big Data
» Amazon web services cloud capabilities
» FINRA case study
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“etss”  Adoption of technology advancement

«2e2°  Barriers and trends

= |T constraints

= Conflicting priorities
= Cost

= Time to market

= ROI

= Dynamic evolution

= Feature extraction across
disparate data silos

= Security and compliance
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“ssss.  Case study background

[ X ] [ X
[ oe
l:.:..
Issuer’s challenges Summary
= Increasing third-party fraud losses = Reduce fraud exposure and maintain
_ , _ approval rates without technology

for booking and POS processing

= System freeze prevented any IT
changes for several months

&
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sesse.  First:
»2e2s.  Modeling initiative

= Determine if a custom fraud model could deliver sufficient lift to reduce losses
without significant customer impact

» Model developed using data from Precise ID® and Identity Element
Network™ (IEN)

» Initial model provided significant lift
» A second blind-sample confirmed model performance results

= Summary: An analytical option was available to address the problem
» Challenge of deploying it during a system freeze remained
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-seis”  ldentity Element Network™

[ X ] [ X
.E.:S:
Identity Element Network™
{:? o° s
2% \ g &g ol
Adding overtwo milion =~ Comprehensive Contains up-to-date Built from
identity transaction link analysis toderive  transactional data Experian data
records daily attributes and score
Capture consumers’ Retain records 24 Score —
identity elements months for identity Portfolio / batch
historical view segmentation
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s’ Second:

»3e22.  Evaluate existing Experian interface

= |ssuer used a legacy Experian product to acquire identity attributes and
fraud scores

» Inquiry included basic identity data

» Experian response was mapped into issuer
systems to drive “pass / review” decisions

= Summary: Infrastructure was in place to deliver identity data to Experian and to

retrieve response data that would drive downstream decisions related to fraud
and identity
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“ssss.  Making deployment easy

Experian legacy system

Customer

o Legac
application > frgudy
data model

Customer
fraud risk and

operations

4 . .

Experian Precise ID® platform
Experian Custom Ilzclisr%tei:trB:t
“translation” '
> N ’ fraud e Network™
utility model
data
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"csse” Success metrics

Improved fraud model performance:

= Custom model leveraged the most advanced
data assets that Experian could deliver

Speed to deployment:

= New fraud model in use 6-8 weeks after completion
instead of waiting 6-8 months for system freeze

Near-zero effort for issuer IT resources
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Breaking down
the barriers #2

Cloud capabilities
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‘esss”  [Ever increasing data

‘ Value
‘ Veracity
‘ Variety

‘ Velocity
' Volume
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esis-  The old way of doing things

«2ee2.  One blunt tool — the relational DB

Applications

Database + search tier

— VISION 2016 — #vision2016

TAKE CONTROL © -

A ROADMAP FOR GR[]WT

©2016E p n Information Solutions, Inc. All rights reserved.
Exper ubllc.



‘«sse’ Plethora of tools to work with data

Q.’ LR Spaik T
| EMR S DynamoDB .
Y +
3 - ‘ *
Qmongons @Studis M GEn T T

Kinesis :

SN, ATACKE o
22 STORM -
< Amazon Kinesis enabled Data P|pel|ne CIoudSearc

app

T - ; (1 BN ”-I
elasticsearch. g 1'*
DynamoDB
, IPython ML Streams
Interactive Computing
— VISION 2016 — #vision2016

T SO o R

©2016 Experian Information Solutions, Inc. All rights reserved.
Experian Public.



..::.. How do I (T 1]

... select a reference architecture?

... know which tools | should use?

.. make sense of the diverse toolset?

... manage risk of selecting the wrong tool?

... find, recruit, hire and keep data scientists?

— VISION 2016 — #vision2016

TAKE CONTROL ¢ 7

©2016 Experian Information Solutions, Inc. All rights reserved.
Experian Public.



iss.  Enterprise data lake

= A storage repository that holds
a vast amount of raw data in its
native format until it is needed

= A data warehouse stores data in files or folders, while a data lake uses a flat
architecture to store data without transformation or schema definition

= Store all of your data (both relational and unstructured) in a single centralized
repository and analyze each set as required in its native format with the
proper tool

= No longer do analysts have to go to four or five data marts to do their job

» Everything is in one place
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et Why an enterprise data lake?

= Simplify and centralize

= Stop wasting valuable time: Avoid analysts and data scientists running
between many siloed data stores or, even worse, can'’t find their data; enable
data experimentation and use case discovery by putting tools around the data

= Agility: Get to results faster by eliminating the time analysts move between
repositories and by giving them access to the tools they need to do their job

= Cost optimize: Select elastic infrastructure that can scale with your needs and
not cost a lot

= Limit overhead: Leverage managed cloud services for non differentiating admin.
Shouldn’t your DBAs & Analysts being transforming, loading and analyzing data
instead of patching a database or racking servers?
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ess:.  Typical data lake use case pattern

Apply data
Acquire and science /
store data in predictive Find
multiple forms analytics / correlation

Provide results

B| thod patterns in in reporting /
metho :
(Text + unstructured underlying presentation

+ semi-structured + (Supports data layer
structured) multiple analytical
techniques)
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s, Data lake
»3e23.  Conceptual architecture

= Bl / descriptive
analytics

= Summary /
aggregated data

= Structured only

Data b 10 1514 = Tight SLAs

acquisition 10 g 21001 1 * Predefined schema
o Voo = More predictive

loads

Data for Bl

LM W 1oy 2 0
| > S g
L= aa il 01tgs. Data for
o - 3 * predictive
analytics

Hadoop
Steam  NoSQL

No predefined schema

Metadata management = Scientific analysis

= Multiple structures / forms = Governance processing = Ad-hoc

= No tight SLAs = Security An aIyticaI = Exploratory

» Extract + Load = Tagging Sandbox = Data scientists
(E+L) = Unpredictable loads
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sis. What makes a good data lake?

= Object-based storage
(store anything and everything)

= Flexibility: A collection of different
analytics tools to sit around object store,
always have the right tool for the job

= Scalability: Never want to have your
data lake outgrow the capacity of
your on-premises appliances

= Low cost: Never want to throw away
data because it costs too much to
keep it

= High durability: Never want to lose
your single source of the truth!
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Data Lake

Architecture
with AWS Tools

Data Sources
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Deter Detect Discipline

misconduct by and prevent wrongdoing those who break
enforcing the rules in the U.S. markets the rules
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EVENTS PER

DAY

Over 5 PETABYTES of

storage
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Investor

Monitors
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In the US

Market
Reconstruction
containing
RILLIONS of
nodes & edges

Market THINK b
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ssse.  That kind of volume comes with challenges

fad

&
8

amazon
webservices™
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Market volumes are volatile and steadily increasing
Exchanges are dynamically evolving

Regulatory rules are created and enhanced

New securities products are introduced

Market manipulators innovate
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sssss  The S3 data lake paired with Hadoop
2ess.  applications is at the core of FINRA’s platform

Data Marts

Normalization

(Amazon ETL Clusters
s e \ Data / (=) Optimization
App Query Cluster Catalog ET'zésl\lAus)ters
(EMR) & Lineage

Auto Scaled Services
EC2
... MySQL Auto Scaled EC2 PostgresaL Data ...
INgestion ey '1
".ﬂ \ SRS .
Users Shared Metastore gl\l;\ftelr(fllwgt Reference Data Auto Scaled Data
RDS QY Providers
( ) Services (52 FC2
Adhoc Query
Cluster (EMR) Auto Scaled
EC2
Anfggcs / Query Optimized Source of ¢
i Batch Analytic
E— S Shared Data Services i
EC2 (EMR) (EMR)
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= An infinitely scalable data lake to handle future data growth

= Massive flexibility in the data tools that sit around
the S3 data lake

» Therefore more data applications / experiments can
be completed

» Provides a hedge against the risk of rapidly changing
ecosystem and requirements because the data lake
can adapt and evolve

= Store anything and everything in one place in S3...
at very low cost!

= S3is durable and high available

= Feed multiple data applications in parallel from S3
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sse Conclusions

= Fraud technology can be improved
despite perceived challenges

= Legacy interfaces can deliver
the most current model and data
capabilities without rip and replace

= Cloud based solutions deliver
value in a changing data
landscape -

= Both are near-term opportunities
to improve results
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For additional information,
please contact:

Chris.Ryan@experian.com

@ Follow us on Twitter:
@ExperianVision | #vision2016
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Share your thoughts about Vision 2016!

Please take the time now to give us your feedback about this session.
You can complete the survey in the mobile app or request a paper survey.

Select the breakout
session you attended

Select the Survey
button and complete

Breakout Sesslon Survey

would you rate the eseen Vorlzon ¥ 11167 AM Oarum esnio Varizon ¥ 12126 PM
WAL TRRIMAIS T (S e e 4 My Schedule ¢ & 4 Details
2, How wauld you rate the prasentars' delivery MOM.’

Bast practices In risk model developmaent

ceollunt A\ vty Averagpe Finlenw aveting Pt
1 ) PM - 1100 PM
1 How would you rate the presantars' time managemant? Bost practicens in risk model dovelopment Date Mon
wllont Alwivi g Avinnge Folow avnrig: Poar
frateg lime 12:30 PM -« 130 PM
. How useful wae the session (nfermalion? 11406 PM » 2:48 PM Location Strategy
ful Somowhal il Noutal . o 1
Not Attending Broakout Sesalon y G &
whinl ot ety Not kol - dotoil neakor Surveyn
How would you rate the aassion on baelng cuvent? o
’ 118 BPM - 4115 PM Broakout Sessions Survey
rnt Sorrewhat e Netiltn
Driving profitable growth through targeting
what not current Not cutimnt and underwriting the marginal conasumer
H | { was {1} et Lo th v d plor
Viiry tolevant o hial talwant Noutia 130 PM - 5:30 PM
whal ll tluvant Nl tolavinit The yin and yang of pricing profitably and ““.5

Allowance for Loan and Lease Losses

1 Mow would you rate the level of contant?
Towr acdvanicet Tust figh!

B, Why die you attend (his seasion? Check all that apply) 10:00 AM - 11100 AM

Attracting and retaining commercial and

20talos 1o my busings prononte Tttt | 11w pro
snplting semsion danctiption pone prod et Kowledie .

8, Do you have any additional comments?
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